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Introduction

TRECVID 2018 INS Task

» Given person name, example images and shots
» Given scene name, example images and shots
> Retrieve specific person in specific scene

Person
(Jane)

Specific person in
specific scene
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Framework

MTCNN Resnet50
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Local scene retrieval

Framework

Extra Feature Layers
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Global scene retrieval

Places365—-CNN

The dataset covers 365 image scenes
and also provides pre-trained models for
multiple network architectures.

_______

stage 1 stage 2 stage 3 stage 4 stage 5
Resnetso i I I I l I]
PAD
Global
Pretrained
places365-CNNS
7/




Training samples of scene retrieval

From different objects:

From ifferent views: Scene Landmarks
s s Pub

Cafe2

Laun

Datasets production
Market

Keyframes are labelled with landmarks
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Face recognition
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Face recognition
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Face recognition
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Person re-identification based person search

Person search

—We apply person re-id technique based on aligned re-id.

Query person examples
Ll "

A

horizontal pooling
feonv

Person
Detection
(SSD)

localfeature  local distance ﬁll

Nx128x7 NxN

2048 7

CNN convh
Nx2048x7x7

N images
warped to 224x224

-: Surpassing Human-Level Performance in Person Re-ldentification. arXiv:1711.08184v2, 2017
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Person re-identification based person search

How to get training dataset

face boundingbox
(with id)

person boundingbox
(with id)
Pl s 5

set retag

person boundingbox
(without id)

For example

Details of training dataset id numbers of images -
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il
3302
a074
21586
394485
2079
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Person re-identification based person search

Visualization results

good
probe rank list (Top 6)
.—) Aligned re-id —>
\
bad

—> Aligned re-id —> ﬂ

The reason for the bad query is that the clothes
are too similar,
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Score fusion

B Weight based score fusion
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Score fusion

B Face filter and person expansion
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Results & conclusions

Fusing method Auto Interactive

Score lists
f_scene + [_face weight 0.243 0.261
f_scene + f_face + f_reid weight 0.174  0.184
filter 0.211 0.235

f_scene + f_face
f_scene + f_face + f_reid filter+expansion 0.182  0.200

Analysis

» The ineffectiveness of reid:
> loU computation
» Cluster strategy

» The effectiveness of fine-tuning:
> Fine-tuned on some scenes
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Results & conclusions

Conclusions

€ The face recognition is a key method to identify person. New
person search method should be introduced for person images
with back and side views or in low resolution

€ The training dataset of scene model needs more effective
images including different views of positive and negative
scenes.

€ Score fusion and expansion method is useful to retrieve hard
samples.
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